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Abstract
At the beginning of the pandemic, it was difficult to determine which factor or set of factors could be analyzed to determine 

where coronavirus disease 2019 (COVID-19) cases and deaths could be expected to surge globally. This study, utilizing surrogate factors 
representing the hygiene hypothesis, sought to examine if correlations between the various factors existed.

Data publicly available from 190 countries were collected. These data included COVID-19 total case numbers and deaths through 
December 28, 2020; water, sanitation, and hygiene (WaSH) metrics; data on mortality due to various types of air pollution; and additional 
factors such as control of solid waste, emission growth rate of methane and carbon dioxide, and daily adjusted life years lost to unsafe 
drinking water and sanitation. These elements were analyzed using multiple regression analyses to determine the combination of factors 
most predictive of COVID-19 total cases and deaths via IBM SPSS 27.0. Separate regressions were conducted for the two criterion 
variables.

The analyses revealed positive correlations between two predictor variables: a nation’s mortality due to air pollution (MDAP) 
and their level of control of solid waste (CSW), with COVID-19 total number of cases. This combination of predictors accounted for 
approximately 28% of the variance in the total number of cases. A predictive equation for the number of COVID-19 cases, within a 90% 
confidence interval, was created using both the MDAP and CSW: Estimated COVID-19 total cases = 10.534(MDAP) + 498321.18(CSW) 
– 57370.23 +/- (716905.12). Regarding the number of COVID-19 deaths, 9.6% of the variance was accounted for by MDAP. Our findings 
support prior studies indicating air pollution as a potential catalyst for COVID-19 spread, and to a lesser extent, mortality. 

One essential mitigating strategy for dealing with respiratory viruses is via abatement of air pollution. This correlates with decreased time 
for the virus to circulate in denser particles of polluted air along with decreased aggravation of the respiratory system. Thus, MDAP is an 
effective predictor of COVID-19 cases, and to a lower degree, deaths. The positive correlation with CSW and number of cases indicates 
a likelihood that lockdowns throughout the world created chaos in solid waste disposal systems, most notably in nations with prior 
effective CSW mechanisms. Conclusions demonstrate the benefit of implementing procedures focusing on minimizing air pollution and 
strengthening systems to CSW. Additionally, the predictive equation can be used to anticipate where areas of increased case numbers due 
to novel respiratory viruses could be found, thus attenuating a descent into another global pandemic. 
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Introduction
Severe Acute Respiratory Syndrome Coronavirus 2 (SARS-

CoV-2) was initially identified in Wuhan, China in December, 
2019. It has since wreaked havoc on a worldwide scale causing 
a disproportionate amount of deaths in wealthier nations [1].  
Previous experience with related coronavirus illnesses, notably 
Severe Acute Respiratory Syndrome (SARS) [2] of 2002-2004 
and the ongoing Middle East Respiratory Syndrome (MERS) [3], 
has allowed scientists to rapidly identify and begin to understand 
the highly contagious and infectious capabilities of the newly 
discovered 2019 SARS-CoV-2 [4,5]. As countries around the 
world attempted to put stringent measures in place to limit the 
morbidity and mortality caused by COVID-19, scientists across 
the globe raced to find therapeutic solutions for those infected, 
along with vaccines to prevent the spread. By the end of 2020, 
vaccine manufacturers Pfizer-BioNTech and Moderna secured 
FDA Emergency Use Authorization (EUA) for the first two 
COVID-19 vaccines available in the US [6]. Shortly thereafter, 
several other pharmaceutical companies released positive clinical 
trial data for additional COVID-19 vaccines, with Johnson & 
Johnson’s Janssen COVID-19 vaccine also receiving EUA in the 
US6. However, COVID-19 cases and deaths continued to increase 
due to lack of social distancing, particularly during holidays, as 
well as to what some called ‘pandemic fatigue’ [7-9]. Meanwhile, 
more highly transmissible variants with increased virulence have 
emerged at a fast pace, first identified at various locations around 
the world, such as in the United Kingdom, South Africa, and 
Brazil, for example10. Studies indicate a reduced vaccine efficacy 
against these newly emergent variants [10-12], thus underscoring 
how essential it is to identify factors that are potentially implicated 
in reduced COVID-19 mortality. 

In a recently published commentary, the question was raised 
concerning whether the hygiene hypothesis applies to COVID-19 
susceptibility. Sehrawat, et al argued the very real possibility that 
frequent exposure to pathogens and infectious agents prepares the 
immune system to be able to battle newer infections such as those 
caused by SARS-CoV-21. The hygiene hypothesis is centered 
around the theory that exposure to pathogens beginning in early 
childhood with repeated frequency allows the immune system 
to become more robust in combating newly acquired infections. 
It was initially discovered by Strachan during a study on 17,414 
British children born in 1958.  He discovered that there was an 
inverse correlation between the prevalence of hay fever and the 
number of older siblings [13]. This was further expanded upon in 
numerous studies such as the case-controlled study on early social 
mixing and childhood Type I Diabetes Mellitus (Type 1 DM) [14] 
as well as the cross-sectional study on the age of starting nursery 
school and the occurrence of childhood allergies [15].  

The latter study concluded that early infections were 
protective against development of allergies later on in life in 
concordance with the hygiene hypothesis [15]. So what exactly is 
the hygiene hypothesis?  The hygiene hypothesis postulates that  
CD4+ T Helper 1 (Th1) and CD4+ T Helper 2 (Th2) cells must 
be in balance for proper functioning of the immune system [9]. 
In developed nations, it has been seen that a decrease in pathogen 
exposure leads to a weaker immune system, predominated by a 
Th1 immune reaction that aberrantly attacks self-antigens and 
other allergens. This is hypothesized to be tied to the increased 
prevalence of autoimmune diseases, allergies, and asthma in the 
US [16]. Improved hygiene, use of antibiotics and vaccinations 
are several factors implicated in the decrease in stimulation of 
Th1 cells which in turn causes an increase in activation of the Th2 
response. This response includes release of cytokines interleukin 
(IL)-4, IL-5 and IL-13 which are associated with an increase in IgE 
and eosinophilic responses in atopy, along with IL-10, which has 
an anti-inflammatory response [17]. The immunological concept 
of Th1 and Th2 is further displayed in Figure 1.
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Figure 1: CD4+  Th1 and Th2 cells and their roles in immune responses. Unique characteristics of Th1 and Th2 cells are shown, 
including *aberrant responses when the delicate balance is disrupted.

Although the hygiene factor cannot be measured with a single numeric representation, it can be analyzed using WaSH mortality rates 
along with select factors from the Environmental Performance Index (EPI). The EPI is derived from a combination of 32 environmental 
and hygiene variables, as defined by Yale University and Columbia University in collaboration with the World Economic Forum 
(Supplementary Table 1) [18]. Taken together, the EPI rankings provide an indication of how nations address common environmental 
challenges.  When exploring the individual variables, it becomes evident that many of the factors directly pertaining to the hygienic 
conditions of  each nation would likely have a direct impact on the health and immune status of inhabitants. By extension, they may 
potentially play a role in an individual developing COVID-19 and/or succumbing to the disease.  As the raw data for these variables were 
made available on the EPI website and additional factors representative of hygiene could be assessed from various public databases, 
in this study, we sought to expand on that assumption with analysis of available global data to determine if the hygiene hypothesis 
was correlated to the differences in COVID-19 cases and deaths seen in the first phase of the pandemic globally. During this phase, 
characterized as prior to the widespread emergence of variants of concern, it was difficult to accurately predict where surges would occur 
worldwide, therefore, we sought to additionally utilize these surrogate factors to determine a predictive equation, thus allowing for a 
multi-disciplinary approach to assess the role of the hygiene hypothesis in COVID-19 cases and deaths. 
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Methods

Data representing 190 nations were collected from various 
publicly-accessible sources. Specifically, the data included the 
total number of COVID-19 cases and deaths through December 
28, 2020 along with the total  of COVID-19 tests conducted 
(Johns Hopkins Coronavirus Resource Center (CRC))19.  The 
average stringency index was calculated by finding the mean of 
each individual country’s daily stringency index [19]. COVID-19 
case fatality rate per nation was calculated using the total number 
of cases and deaths. Metrics pertaining to WaSH mortality were 
retrieved from WHO [20]. Data on mortality due to unsafe water 
source, unsafe sanitation, and lack of access to handwashing 
facilities, as well as proportion of population using limited 
drinking water services, limited and basic sanitation services 
and practicing open defecation were retrieved (UNICEF) [21].  
Additional hygiene surrogate factors including mortality due to 
various types of air pollution such as general air pollution and 
solid fuels (OurWorldInData) [22], along with  household and 
ambient air pollution (Data.worldbank) [23] were also collected. 
Finally, EPI itself, along with data representing 11 variables of the 
EPI were obtained: emission growth rate of carbon dioxide and 
methane; control of solid waste; air pollution from exposure to 
household solid fuels, fine particulate matter (PM) 2.5 and ozone; 
proportions of population connected to wastewater treatment and 
wastewater collected that is is treated; daily adjusted living years 
due to unsafe sanitation, unsafe drinking water and exposure to 
lead [18].  All raw data were organized in MS Excel version 2106 
and can be found in Supplementary Table 2.  

Data were analyzed via IBM SPSS version 27.0. 
Specifically, Spearman correlation analysis was used to determine 
any correlations present between the 29 factors. The correlation 
analysis was later converted into a heatmap in RStudio version 
4.1 for easy interpretation of the factors that showed a significant 
correlation within the Spearman analysis.  SPSS was further used 
to conduct multi-regression analyses to determine the combination 
of factors most predictive of COVID-19 total cases and deaths. 
The outliers, defined as those above 3 standard deviations from 
the mean, were removed from the analysis. Beta coefficients from 
the multiple regression analysis were used to derive a predictive 
equation for COVID-19 total cases. 

Results

As a preliminary analysis to determine the number of 
potential predictors to include in the multiple regression, a 
Spearman correlation was computed. After obtaining the Spearman 
correlation, the following rules were used to classify the correlation 
strengths: very high positive correlation (0.9-1.0), high positive 
correlation (0.7- 0.9), moderate positive correlation (0.5 to 0.7), 
low positive correlation (0.3 to 0.5), and negligible correlation (0 
- 0.3).  Negative correlations were also given the same strength 
classification.  All statistical analyses were considered significant 
if alpha was less than or equal to 0.05. The heat map translates the 
Spearman correlation into an easily visualized data set depicting 
the magnitude and direction of correlations (Figure 2).

Figure 2: Heatmap of Spearman correlations to determine potential predictors of COVID-19 total cases and deaths. The direction and 
strength of correlations can be visualized as follows: positive and negative correlations are indicated by blue and red, respectively, while 
increasing strength of correlation corresponds to larger circle size.
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Prior to conducting the multiple regression analysis, 
investigation of statistical assumptions was undertaken. The 
Durbin-Watson statistic was 1.742 for the COVID-19 total cases 
and 1.548 for the COVID-19 deaths, suggesting an absence of 
autocorrelation of residuals. Multicollinearity was examined using 
the tolerance and Variance Inflation Factor (VIF) statistics for 
each of the predictive variables. For COVID-19 total cases, the 
tolerance and VIF for mortality due to air pollution was 0.961 and 
1.041, respectively, and for control of solid waste, it was 0.421 
and 2.373, respectively.  These were appropriate and indicated 
the absence of multicollinearity between predictors. In order to 
achieve an accurate predictive model, outliers were removed. For 
COVID-19 total cases, those outliers included the countries of 
China, USA, Brazil, Yemen, Bangladesh. Furthermore, in order 
to maintain the homoscedasticity, India was removed from the 
analysis. When investigating COVID-19 deaths, the outliers that 
were removed were Brazil, USA, and Mexico, and those removed 
to maintain homoscedasticity were China and India. 

The regression model for COVID-19 total cases, using 

mortality due to air pollution and controlling solid waste, was 
found to be statistically significant, F (2, 171) = 35.11,  p < 
.001, adjusted R2 = 0.283, suggesting approximately 28% of the 
variability in COVID-19 total cases can be accounted for by the 
linear combination of these two factors. Using the beta coefficients 
determined from the analysis, the following equation was derived 
to create a 90% confidence interval in predicting COVID-19 total 
cases: 

Estimated COVID-19 total cases  =  10.534(mortality due 
to air pollution)+498321.18(controls solid waste) - 57370.23 +/- 
716905.12)

On the other hand, the regression model for COVID-19 
deaths, using just mortality due to air pollution, was shown to be 
statistically significant, F (1, 175 ) = 19.77,  p < .001, adjusted R2 
= 0.096, accounting for only 9.6% of the variability in COVID-19 
deaths. Furthermore, it was evident that the variables found to be 
significant were positively correlated with COVID-19 cases and 
deaths. The multi-regression analyses of COVID-19 case numbers 
and deaths are shown in Table 1 and Table 2, respectively.

Table 1: Mortality due to air pollution and control of soli.

d waste account for 28.3% of the variability in COVID-19 total cases. 

*Predictive equation: Estimated COVID-19 total cases  = 10.534(mortality due to air pollution) + 498321.18(controls solid waste) - 
57370.23 +/- 716905.12).
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Table 2: Mortality due to air pollution accounts for 9.6% of the variability of COVID-19 total deaths.

Discussion

Multiple studies, along with media speculation, hypothesized 
that COVID-19 case fatality rates were lower in developing 
countries during their respective first phase of the pandemic due 
to exposure to various infectious childhood diseases that most of 
the population would have been exposed to, or in other words, due 
to the hygiene hypothesis [24]. Additional theories indicated that 
more frequent and numerous exposures to infectious pathogens 
due to decreased hygiene resulted in a more robust immune system 
allowing individuals to fight new and emerging diseases quickly. 

The surrogate factors that explained approximately 28% 
of the variability seen in COVID-19 total cases, mortality due to 
air pollution and control of solid waste, however, were positively 
correlated to COVID-19 total cases. Although these factors seem 
unrelated to the immune system, environmental cleanliness is of 
the utmost importance when it comes to how easily infectious 
organisms, particularly a respiratory virus, can be sustained and 
transmitted, thus, likely elevating rates of infection. 

Mortality Due to Air Pollution

Air pollution kills an estimated seven million people 
worldwide each year25,26.WHO data shows that 9 out of 10 

people breathe air that exceeds WHO’s guideline limits containing 
high levels of pollutants, with inhabitants of low- and middle-
income countries suffering from the highest exposures [25,26]. 
From smog hanging over cities to smoke inside the home, air 
pollution poses a major threat to health and climate. The combined 
effects of ambient outdoor and household air pollution cause about 
seven million premature deaths every year, largely as a result of 
increased mortality from stroke, heart disease, chronic obstructive 
pulmonary disease, lung cancer and acute respiratory infections 
[25]. Our analysis suggests that nations reporting high mortality 
due to air pollution prior to the pandemic had higher cases of 
COVID-19, even though this seems to diverge from the hygiene 
hypothesis. This can be explained, in part, due to the fact that as 
more pollutant particles are present in the air, combined with an 
increase in the amount of denser suspended particles, the chances 
of viruses such as SARS-CoV-2 being able to be present and 
viable for a longer time suspended in air is higher than in areas 
with cleaner air circulation. Research has already shown that 
COVID-19 lasts longer and travels farther in denser atmospheric 
particulate matter [27]. 

Although not directly related to the immune aspect of the 
hygiene hypothesis, factors such as increased biodiversity, tree 
cover loss, grassland loss, and others are indirectly correlated due 
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to their impact on air quality. Other factors, including the emission 
growth of carbon dioxide, methane, nitrous oxide and greenhouse 
gas emission are also perpetrators in increasing air pollution and 
decreasing air quality, thereby potentially increasing COVID-19 
transmission [28]. Furthermore, deceased air quality affects the 
lungs and alveoli by producing inflammatory responses that create 
a host environment ripe for infections, as seen in individuals with 
compromised lungs and alveoli being more prone to respiratory 
infections [27].  Hence, our study reveals that populations exposed 
to higher air pollution had increased COVID-19 cases and deaths 
when analyzing the first wave of this pandemic. 

As an example, Denmark is a more hygienic nation than the 
USA based on their EPI rankings. Additionally, when comparing 
their respective numbers of mortality attributable to air pollution, 
based on the most recently available data, Denmark only had a 
mortality rate of 2,366  while the USA had a mortality rate of 
107,506 in the same time frame. When considering COVID-19 
cases, deaths, and case fatality rates, as of December 28, 2020,  
Denmark had recorded 156,434 total COVID-19 cases of which 
there was a case fatality rate of only 0.008, while the USA had 
19,301,543, with an increased case fatality rate of 0.017.  Thus as 
expected, air pollution plays a significant role in respiratory illness 
transmission and further confirms the importance of minimizing 
pollution in our society as a tool to mitigate future respiratory 
outbreaks.   

Controlling Solid Waste

Solid waste includes microplastics such as landfill refuse, 
sludge, food waste, and healthcare waste [29]. Solid waste is a 
major concern and cause for soil and water pollution [24,25]. 
During the initial COVID-19 case spikes, governments initiated 
city wide lockdown measures that included waste management 
and recycling companies. With increased waste generation from 
healthcare facilities, and households that had increasing numbers 
of family members staying home, lack of proper disposal is 
likely to have contributed to easier transmission of COVID-19 
[30]. Research has shown that increased COVID-19 cases were 
correlated to improper management of solid waste,  especially PPE 
and other healthcare waste [31]. 

Our analysis suggests that geographic locations with 
lesser control of solid waste management trended towards lower 
COVID-19 cases in the first phase of the pandemic. At face value, 
this correlation seems to support the hygiene hypothesis. However, 
one theory that could better explain this finding, is that individuals 
in nations without a well-established waste disposal system 
prior to COVID-19 simply continued discarding waste as they 
previously had. This likely included personal means of mitigating 
risk of infection. In contrast, countries that had previously well-
functioning control of solid waste disposal systems likely had 
significant disruptions as they were left to figure out alternative 
ways to dispose of their waste due to COVID-19 lockdowns. In 

the USA, for example, government-assisted recycling initiatives 
were put on hold during the early lockdown caused by the 
pandemic [32], while the massive volume of discarded masks and 
other PPE accumulated. Similar situations likely impacted many 
developed countries in their race to limit social contact and spread 
of COVID-19. 

Conclusion

COVID-19 cases and deaths both showed a significant 
positive correlation to mortality due to air pollution. COVID-19 
cases also showed positive correlation to increased control of solid 
waste. These findings reiterate what other researchers have found 
and are a stepping stone for further research. Additional studies 
need to be conducted to understand the true role of controlling 
solid waste in causing a higher incidence of COVID-19 cases. 
Also, research looking at the main countries that had to be removed 
from further analysis are imperative to understanding exactly why 
the hubs of the COVID-19 pandemic were significantly different 
from the rest of the world. 

Conflict of Interest: There were no conflicts of interest. 

Acknowledgment: We gratefully acknowledge the PCOM 
Division of Research for their financial support.  We thank Shinu 
Thomas and Sayona Merly George (Software Engineers) for 
graciously constructing the heat map.

References
1. Chen Y, Klein SL, Garibaldi BT, Li H, Wu C,et al. (2021) Aging in 

COVID-19: Vulnerability, immunity and intervention. Ageing Res Rev 
65:101205.

2. Severe acute respiratory syndrome (SARS).

3. Middle east respiratory syndrome coronavirus United Arab Emirates. 

4. Petrosillo N, Viceconte G, Ergonul O, Ippolito G, E Petersen E (2020) 
COVID-19, SARS and MERS: Are they closely related? Clin Microbiol 
Infect 26:729-734.

5. Masood N, Malik SS, Raja MN, Mubarik S, Yu C (2020) Unraveling 
the epidemiology, geographical distribution, and genomic evolution 
of potentially lethal coronaviruses (SARS, MERS, and SARS CoV-2). 
Front Cell Infect Microbiol 10:499.

6. Chung YH, Beiss V, Fiering SN, Steinmetz NF (2020) COVID-19 
vaccine frontrunners and their nanotechnology design. ACS Nano 
14:12522-12537.

7. Elia F, Vallelonga F (2020) “Pandemic fatigue” or something worse? 
Recenti Prog Med 111:788-789.

8. Morgul E, Bener A, Atak M, Akyel S, Aktaş S, et al. (2021) COVID-19 
pandemic and psychological fatigue in turkey. Int J Soc Psychiatry 
67:128-135.

9. Park CL, Russell BS, Fendrich M, Hutchison M, Becker J, et al. 
(2020) Americans’ COVID-19 stress, coping, and adherence to CDC 
guidelines. J Gen Intern Med 35:2296-2303.

https://pubmed.ncbi.nlm.nih.gov/33137510/
https://pubmed.ncbi.nlm.nih.gov/33137510/
https://pubmed.ncbi.nlm.nih.gov/33137510/
https://www.who.int/health-topics/severe-acute-respiratory-syndrome#tab=tab_1
https://www.who.int/emergencies/disease-outbreak-news/item/2021-DON314
https://pubmed.ncbi.nlm.nih.gov/32234451/
https://pubmed.ncbi.nlm.nih.gov/32234451/
https://pubmed.ncbi.nlm.nih.gov/32234451/
https://pubmed.ncbi.nlm.nih.gov/32974224/
https://pubmed.ncbi.nlm.nih.gov/32974224/
https://pubmed.ncbi.nlm.nih.gov/32974224/
https://pubmed.ncbi.nlm.nih.gov/32974224/
https://pubmed.ncbi.nlm.nih.gov/33034449/
https://pubmed.ncbi.nlm.nih.gov/33034449/
https://pubmed.ncbi.nlm.nih.gov/33034449/
https://pubmed.ncbi.nlm.nih.gov/32650681/
https://pubmed.ncbi.nlm.nih.gov/32650681/
https://pubmed.ncbi.nlm.nih.gov/32650681/
https://pubmed.ncbi.nlm.nih.gov/32472486/
https://pubmed.ncbi.nlm.nih.gov/32472486/
https://pubmed.ncbi.nlm.nih.gov/32472486/


Citation: Boban A, Boban S, George B, DiTomasso RA, Roberts MB, et al. (2024) Predicting COVID-19 Cases and Deaths Utilizing Hygiene Hypoth-
esis Surrogate Factors: A Global Analysis. Rep GlobHealth Res 7: 197. DOI: 10.29011/2690-9480.100197.

8 Volume 07; Issue 02

10. Wu K, Werner AP, Moliva JI, Koch M, Choi A, et al. (2021) mRNA-
1273 vaccine induces neutralizing antibodies against spike mutants 
from global SARS-CoV-2 variants. bioRxiv [Preprint].427948.

11. Rubin R (2021) COVID-19 Vaccines vs Variants—Determining how 
much immunity is enough. JAMA 325:1241-1243.

12. Madhi SA, Baillie V, Cutland CL, Voysey M, Koen AL, et al. (2021) 
Efficacy of the ChAdOx1 nCoV-19 covid-19 vaccine against the 
B.1.351 variant. N Engl J Med 384:1885-1898.

13. Strachan DP (1989)  Hay fever, hygiene, and household size. BMJ 
299:1259-60.

14. McKinney PA, Okasha M, Parslow RC, Law GR, Gurney KA, et al. 
(2000) Early social mixing and childhood type 1 diabetes mellitus: 
A case–control study in yorkshire, UK. Diabet Med 17:236-42.

15. Krämer U, Heinrich J, Wjst M, Wichmann HE (1999) Age of entry to 
day nursery and allergy in later childhood. Lancet 353:450-4.

16. Okada H, Kuhn C, Feillet H, Bach JF (2010) The ‘hygiene hypothesis’ 
for autoimmune and allergic diseases: An update. Clin Exp Immunol 
160:1-9.

17. Zhu J (2015) T helper 2 (Th2) cell differentiation, type 2 innate lymphoid 
cell (ILC2) development and regulation of interleukin-4 (IL-4) and IL-13 
production. Cytokine 75:14-24.

18. Wendling Z, Emerson JW, Sherbinin AD, Esty DC (2020) Environmental 
Performance Index.

19. John hopkins university of medicine coronavirus resource center.

20. Burden of disease SDG 3.9.2 - mortality rate attributed to unsafe 
water, unsafe sanitation and lack of hygiene (exposure to unsafe 
water, sanitation and hygiene for all (WASH)).

21. UNICEF. WASH and COVID-19.

22. Ritchie H, Roser M (2014) Indoor air pollution. 

23. World Health Organization, Global Health Observatory (2020)

24. Sehrawat S, Rouse BT(2020) Does the hygiene hypothesis apply to 
COVID-19 susceptibility? Microbes Infect 22:400-402.

25. Air pollution now linked to 1 in 8 deaths worldwide, UN health agency 
reports.(2014)

26. Air pollution.

27. Comunian S, Dongo D, Milani C, Palestini P (2020) Air pollution and 
COVID-19: The role of particulate matter in the spread and increase 
of COVID-19’s morbidity and mortality. Int J Environ Res Public Health  
17:4487.

28. Travaglio M, Yu Y, Popovic R, Selley L, Leal NS et al (2021 )Links 
between air pollution and COVID-19 in england. Environ Pollut 
268:115859.

29. Golwala H, Zhang X, Iskander SM, Smith AL (2021) Solid waste: An 
overlooked source of microplastics to the environment. The Science of 
The Total Environment. Volume 769 144581

30. Huraimel KA, Alhosani M, Kunhabdulla S, Stietiya MH (2020) SARS-
CoV-2 in the environment: Modes of transmission, early detection and 
potential role of pollutions. Sci Total Environ 744:140946.

31. Nzediegwu C, Chang SX (2020) Improper solid waste management 
increases potential for COVID-19 spread in developing countries. 
Resour Conserv Recycl 161:104947.

32. Monserrate MAZ, Ruano MA, Alcalde LS (2020) Indirect effects of 
COVID-19 on the environment. Sci Total Environ 728:138813.

https://pubmed.ncbi.nlm.nih.gov/33501442/
https://pubmed.ncbi.nlm.nih.gov/33501442/
https://pubmed.ncbi.nlm.nih.gov/33501442/
https://pubmed.ncbi.nlm.nih.gov/33729423/
https://pubmed.ncbi.nlm.nih.gov/33729423/
https://pubmed.ncbi.nlm.nih.gov/33725432/
https://pubmed.ncbi.nlm.nih.gov/33725432/
https://pubmed.ncbi.nlm.nih.gov/33725432/
https://pubmed.ncbi.nlm.nih.gov/2513902/
https://pubmed.ncbi.nlm.nih.gov/2513902/
https://pubmed.ncbi.nlm.nih.gov/10784230/
https://pubmed.ncbi.nlm.nih.gov/10784230/
https://pubmed.ncbi.nlm.nih.gov/10784230/
https://pubmed.ncbi.nlm.nih.gov/9989715/
https://pubmed.ncbi.nlm.nih.gov/9989715/
https://pubmed.ncbi.nlm.nih.gov/20415844/
https://pubmed.ncbi.nlm.nih.gov/20415844/
https://pubmed.ncbi.nlm.nih.gov/20415844/
https://pubmed.ncbi.nlm.nih.gov/26044597/
https://pubmed.ncbi.nlm.nih.gov/26044597/
https://pubmed.ncbi.nlm.nih.gov/26044597/
https://www.researchgate.net/publication/343263658_Environmental_Performance_Index_2020
https://www.researchgate.net/publication/343263658_Environmental_Performance_Index_2020
https://coronavirus.jhu.edu/map.html
https://www.who.int/data/gho/data/themes/topics/indicator-groups/indicator-group-details/GHO/burden-of-disease---burden-of-disease-sdg-3-9-2---mortality-rate-attributed-to-unsafe-water-unsafe-sanitation-and-lack-of-hygiene-(exposure-to-unsafe-water-sanitation-and-hygiene-for-all-(wash))
https://www.who.int/data/gho/data/themes/topics/indicator-groups/indicator-group-details/GHO/burden-of-disease---burden-of-disease-sdg-3-9-2---mortality-rate-attributed-to-unsafe-water-unsafe-sanitation-and-lack-of-hygiene-(exposure-to-unsafe-water-sanitation-and-hygiene-for-all-(wash))
https://www.who.int/data/gho/data/themes/topics/indicator-groups/indicator-group-details/GHO/burden-of-disease---burden-of-disease-sdg-3-9-2---mortality-rate-attributed-to-unsafe-water-unsafe-sanitation-and-lack-of-hygiene-(exposure-to-unsafe-water-sanitation-and-hygiene-for-all-(wash))
https://www.unicef.org/documents/wash-programme-contribution-coronavirus-disease-covid-19-prevention-and-response
https://ourworldindata.org/indoor-air-pollution
https://www.who.int/data/gho/data/themes/topics/water-sanitation-and-hygiene-burden-of-disease
https://pubmed.ncbi.nlm.nih.gov/32653475/
https://pubmed.ncbi.nlm.nih.gov/32653475/
https://news.un.org/en/story/2014/03/464642
https://news.un.org/en/story/2014/03/464642
https://www.who.int/health-topics/air-pollution#tab=tab_1
https://pubmed.ncbi.nlm.nih.gov/32580440/
https://pubmed.ncbi.nlm.nih.gov/32580440/
https://pubmed.ncbi.nlm.nih.gov/32580440/
https://pubmed.ncbi.nlm.nih.gov/32580440/
https://pubmed.ncbi.nlm.nih.gov/33120349/
https://pubmed.ncbi.nlm.nih.gov/33120349/
https://pubmed.ncbi.nlm.nih.gov/33120349/
https://www.sciencedirect.com/science/article/abs/pii/S0048969720381122
https://www.sciencedirect.com/science/article/abs/pii/S0048969720381122
https://www.sciencedirect.com/science/article/abs/pii/S0048969720381122
https://pubmed.ncbi.nlm.nih.gov/32687997/
https://pubmed.ncbi.nlm.nih.gov/32687997/
https://pubmed.ncbi.nlm.nih.gov/32687997/
https://pubmed.ncbi.nlm.nih.gov/32412552/
https://pubmed.ncbi.nlm.nih.gov/32412552/
https://pubmed.ncbi.nlm.nih.gov/32412552/
https://pubmed.ncbi.nlm.nih.gov/32334159/
https://pubmed.ncbi.nlm.nih.gov/32334159/

